Aﬁs
X .)\} %

i g
Eooa
A G

LAJUR-97:
Approved for public release;
distribution is unlimited.

Title: MODELING THE EFFECTS OF PRIOR INFECTION ON VACCINE

CONF- 77/()6?” EFFICACY

Author(s): |Derek J. Smith, University of New Mexico

Stephanie Forrest, University of New Mexico

David H. Ackley, University of New Mexico

Alan S. Perelson, T-10, Los Alamos National Laboratory

o RECEIVED
& | =L OV 0 3 1097

osTl

Submitted: | 1997 IEEE International Conference on Systems, Man and
Cybernetics

18 D,

Theoretical Biology and Biophysics Group (T-10)
Los Alamos National Laboratory

MS K710, T-10

Los Alamos, NM 87545

Los Alamos

NATIONAL LABORATORY G i : et .
Les Alamos National Laboratory, an affirmative action/ i inity emplayer, is operated by the University of California for the U.S. Depariment of Energy
under contract W-7405-ENG-36. By acceptance of this article, the publisher recognizes that the U.S. Governmenit retains a nonexclusive, royalty-free license 0
publish or reproduce the published form of this contribution, or to aliow others to do so, for U.S. Government purposes. Los Alamos National Laboratory requests
that the publisher ideniify this article as work performed under the auspices of the U.8. Depariment of Energy. The Los Alamos Nationai Laboratory strongly
supports academic freedom and a researcher’s right to pubiish; as an institution, however, the Laboratory does not endorse the viewpeint of a publication or
guarantee it's technical correctness.

Form No. 836 RS
S§T2629 10/96




DISCLAIMER

This report was prepared as an account of work sponsored by an agency of the
United States Government. Neither the United States Government nor any agency
thereof, nor any of their employees, makes any warranty, express or implied, or
assumes any legal liability or responsibility for the accuracy, completeness, or use-
fulness of any information, apparatus, product, or process disclosed, or represents
that its use would not infringe privately owned rights. Reference herein to any spe-
cific commercial product, process, or service by trade name, trademark, manufac-
turer, or otherwise does not necessarily constitute or imply its endorsement, recom-
mendation, or favoring by the United States Government or any agency thereof.
The views and opinions of authors expressed herecin do not necessarily state or
reflect those of the United States Government or any agency thereof.




DISCLAIMER

- Portions of this document may be illegible
in electronic image products. Images are
produced from the best available original

document.




Modeling the Effects of Prior Infection on Vaccine Efficacy

Derek J. Smith
Department of Computer Science
University of New Mexico
Albuquerque, NM 87131 USA
dsmith@cs.unm.edu

David H. Ackley
Department of Computer Science
University of New Mexico
Albuquerque, NM 87131 USA
ackley@cs.unm.edu

Abstract

We performed computer simulations to study the effects of
prior infection on vaccine efficacy. We injected three anti-
gens sequentially. The first antigen, designated the prior,
represented a prior infection or vaccination. The second
antigen, the vaccine, represented a single component of
the trivalent influenza vaccine. The third antigen, the epi-
demic, represented challenge by an epidemic strain. For a
fixed vaccine to epidemic strain cross-reactivity, we gen-
erated prior strains over a full range of cross-reactivities to
the vaccine and to the epidemic strains. We found that, for
many cross-reactivities, vaccination, when it had been pre-
ceded by a prior infection, provided more protection than
vaccination alone. However, at some cross-reactivities, the
prior infection reduced protection by clearing the vaccine
before it had the chance to produce protective memory.
The cross-reactivities between the prior, vaccine and epi-
demic strains played a major role in determining vaccine
efficacy. This work has applications to understanding vac-
cination against viruses such as influenza that are continu-
ally mutating.

Introduction

Continual and rapid antigenic change is a property of many
viruses, including influenza virus, human immunodefi-
ciency virus, and hepatitis C virus. As a result of their
high mutation rate, thousands of strains of these viruses
coexist in a species swarm (or quasispecies) [1]. Vacci-
nation against species swarms is difficult because of the

*This paper contains excerpts from a more detailed version to be
published in the biology literature.
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need to provide broad immunity to the many strains, and
because new strains are constantly emerging. In the case
of influenza, for example, a worldwide network of surveil-
lance centers identifies hundreds of influenza strains each
year. Current public heath practice uses a trivalent vaccine
against the three major influenza species swarms currently
circulating. Year to year it is typically necessary to change
at least one component of the vaccine to keep up with the
evolution of the species swarm. Influenza vaccine efficacy
and virus virulence varies; in a bad flu season it is not
unheard of for 20% of the residents of an elderly persons
nursing home to die from the effects of influenza, despite
yearly vaccination. In part this is due to the effects of the
species swarm and, as we investigate below, possibly due
to the effects of prior infection (or vaccination) interfering
with the current vaccination.

The effect of prior infection (or vaccination) on vaccine
efficacy has not been throughly investigated. [2] and [3]
established that the immune response to influenza was
dominated by recall of immunological memory to prior
influenza infections. Most of the experiments that fol-
lowed this work were performed with two antigens [4, 5].
However, to study the effect of prior infection on vaccine
efficacy, at least three responses need to be studied—the
prior infection, the vaccination, and the epidemic chal-
lenge [6]. In the case of three antigens, and considering
say only eight degrees of cross-reactivity between any two
antigens, there are hundreds of combinations of the cross-
reactivities between the three antigens. The hundreds of
combinations, and the necessity to have sufficient repli-
cates of each experiment, necessitates thousands of exper-
iments for a comprehensive survey.

Because of the difficulty of conducting this many experi-




ments in vivo, we have built a computer model to perform
the experiments in machina. An advantage of in machina
experiments is that a large number can be performed and
analyzed relatively cheaply and quickly. A disadvantage
is that the computer model might not faithfully represent
important aspects of the immune system and thus give mis-
leading results. The model has been validated by replicat-
ing existing experiments and has shown good, qualitative,
agreement. Parameters of the model have also been chosen
to match immunological data important for modeling the
cross-reactive immune response [7]. All the experiments
reported here were done in machina. The predictions from
the experiments are testable with a much smaller number
of in vivo experiments.

Materials and Methods

The computer simulation is a simplified model of the ver-
tebrate humoral immune system. It consists of B cells,
plasma cells, antibodies, memory B cells, and antigens.
T cell help is modeled implicitly by assuming that it is
available whenever necessary. Each B cell, plasma cell
and memory B cell is modeled as a separate entity within
the simulation. In this way the model is agent based and
similar to that of [8]. Because of the large number of
antibodies in a real immune system, each antibody in the
model corresponds to a large number of real antibodies,
similarly each antigen in the model corresponds to a large
number of real antigens. B cell, antibody, and antigen re-
ceptors are modeled as strings of symbols that can loosely
be thought of as the amino acids of a binding site. When
antigens are introduced into the simulation, B cells have a
chance to bind the antigens depending on their affinity. B
cells with antigen bound are stimulated to divide, and on
division have some chance of mutation in their antibody
receptor, and some chance to differentiate into a memory
or plasma cell. Plasma cells secrete antibodies, which have
a chance to bind antigens. If antigens have above a thresh-
old number of antibodies bound they are removed from the
simulation.

B cell, antibody and antigen receptors are made up of 20
symbols, where each symbol corresponds to one of four
equivalence classes of amino acids. In the model, recep-
tor sequence and shape are equivalent, and affinity is a
function of the number of symbols that are complemen-
tary between receptors. We choose an affinity cut-off for
clonal selection when receptors have less than 15 comple-
mentary symbols. This parameter selection was chosen to
correspond to immunological data [7] and gives the fol-
lowing properties: a potential repertoire of 10'? B cells,
a 1 in 10° chance of a B cell responding to a particular
antigen [9, 10, 11}, and with an expressed repertoire of
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Figure 1: (a) The antigenic distance between the vaccine and
epidemic strains was fixed for all the experiment at two units.
(b) 31 different prior strains were generated at different antigenic
distances to the vaccine and epidemic strains (two shown).

107 B cells [12, 13, 14] two antigens cease being cross-
reactive when they have more than about 35% sequence
difference [15, 16]. Instead of referring to the percent-
age sequence difference between antigens, we refer to the
antigenic distance between antigens which we define as
the number of symbols in which the antigen’s receptors
differ. Thus, for receptors of length 20, there are 21 pos-
sible antigenic distances between antigens and any two
antigens that are separated by an antigenic distance greater
than or equal to seven (35% sequence difference) are not
cross-reactive. Thus, effectively, there are eight degrees
of cross-reactivity in our model corresponding to antigenic
distances zero through seven.

To study the effect of a prior infection on vaccine effi-
cacy we held the cross-reactivity between the vaccine and
epidemic strains constant and varied the cross-reactivities
of the prior to the vaccine and epidemic strains (Figure
1). The epidemic dose and replication rate were chosen
(500 units of epidemic strain, replicating every six hours)
so that, with high probability, an unvaccinated simulated
organism would become diseased when challenged. The
vaccine dose and strain were chosen (1,000 units of inac-
tivated vaccine, antigenic distance two from the epidemic
strain) to have about 50% efficacy against the epidemic

_challenge. Antigens at all combinations of antigenic dis-

tances to the vaccine and epidemic were generated for use
as prior strains. In total 31 different prior strains were
generated.

Ten control groups and 31 experimental groups were in-
jected with combinations of prior, vaccine and epidemic
strains according to Table 1. The timing of the injections
of the prior, vaccine and epidemic strains was such that
antibody titers were close to pre-injection levels before the
next injection. For the controls (groups 1-10) 120 repli-
cations were performed, and for the experiments (groups
11-41) 250 replications were performed in each group. A
“disease threshold” was set at 2,500 units and if the vi-
ral load exceeded it the simulation was stopped. During
each experiment the viral load, and antibody titers and
affinities for each antigen, were measured every six hours.




Group Purpose Prior infection . Vaccine Epidemic infection
(replicating) (non replicating) (replicating)
(dose onday 5) (doseonday 75) (dose on day 145)

1 control 500
2 control 1,000 500
3-10 control 200" 500
11-41  experiment 2001 1,000 500

Table 1: The timing and dosage of the prior infection, vaccination, and epidemic infection is shown for the
41 groups. *Groups 3-10 received a prior infection at antigenic distances zero through seven respectively
from the epidemic strain. TGroups 11-41 received a prior infection with different combinations of antigenic
distances between zero and seven from the vaccine and epidemic strains. The correspondence between group

and antigenic distances is shown in Figure 2.

In addition, prior to each injection, and at the peak of
each response, the number, affinity for each antigen, and
clonal history of each B cell involved in the response were
recorded.

Results and Discussion

The model exhibited classical behavior of cross-reactive
memory in the response to the vaccine after the prior in-
fection, and in response to the epidemic challenge after
the prior infection and vaccination: the strength of each
cross-reactive response increased as the antigenic distance
between antigens decreased (Figure 2c, [16]), the num-
ber of cross-reactive memory cells increased as the anti-
genic distance between the antigens decreased (Table 2
and [17]), and the number of new memory cells produced
in response to a cross-reactive antigen was reduced by the
cross-reactive memory to previous antigens (Table 2 and
[4]). This last phenomenon is sometimes called original
antigenic sin [4].

Protection against epidemic challenge decreased as the
antigenic distance between the prior and epidemic strains
increased, for a constant antigenic distance between the
prior and vaccine strains (columns of Figure 2d). This was
because memory of the prior infection was more cross-
reactive with the epidemic strain when the prior and epi-
demic strains were closer, while the effect of original anti-
genic sin between the prior and vaccine strains was con-
stant.

Protection against epidemic challenge was lowest when the
antigenic distance between the prior and vaccine strains
was lowest, for a constant antigenic distance between the
prior and epidemic strains (rows of Figure 2d). This was
because the closer the prior strain was to the vaccine, the
greater the effect of original antigenic sin in reducing the
number of memory cells produced by the vaccination, and

thus reducing the protection provided by the vaccination
(Figure 3 and Table 2). This suggests that given a choice
of strains to use as a vaccine, the one that is farthest from
the prior strain will be least affected by original antigenic
sin, and would thus be a good choice (assuming it is also
a good choice because it is expected to be close to the
epidemic strain).

Prior infection sometimes decreased vaccine efficacy be-
low the situation when there was vaccination without prior
infection (groups 24, 29, and 34, on the upper diagonal
of Figure 2d). This occurred because the prior infection
was far enough from the epidemic strain to provide lit-
tle protection, but close enough to the vaccine strain to
cause original antigenic sin and reduce the effectiveness
of the vaccination (Figure 3 and Table 2). These situa-
tions occurred when the differences between the vaccine
and epidemic strains were at different locations in the re-
ceptor than the differences between the prior and vaccine
strains—so called accumulative mutations [ 18], and when
the prior and epidemic strains were only moderately cross-
reactive. Although only five of the 31 experimental groups
have only accumulative mutations between the prior, vac-
cine and epidemic strains, these groups are more likely to
occur in practice because, early in the evolutionary his-
tory of a subspecies, there are more residues that have not
been mutated than ones that have, and thus more chance
that a mutation at a random residue will be accumulative
rather than sequential. For example, the major epidemic
strains of H3N2 influenza, from its emergence in 1968 until
1980, had only accumulative mutations from the A/Hong
Kong/8/68 reference strain [18], although this might also
be due to other factors.

Vaccination always increased protection against the epi-
demic challenge, because even if the vaccine was close
to the prior strain, and was reduced in effectiveness by
original antigenic sin, it still generated some new mem-
ory cells that potentially cross-reacted with the epidemic
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Figure 2: A summary of the maximum viral load of the epidemic strain in each experiment. Each subplot is comprised of
250 vertical lines (120 for the control groups), the height of each vertical line indicates the maximum viral load during an
experiment. The 250 experiments in each group (120 in the control groups) are plotted in order of increasing maximum viral
load. Viral loads above the disease threshold are plotted in black, thus, the width of the black region indicates the frequency
of disease in each group. (a) Exposure to the epidemic challenge, without prior infection or vaccination, caused disease in
all cases. (b) Vaccine efficacy was, by design, 50% against the epidemic infection when there was no prior infection. (c)
The frequency of disease due to a epidemic challenge after there had been a prior infection was proportional to the antigenic
distance between the prior and epidemic strains. (d) The vaccine efficacy against the epidemic challenge, after there had been
a prior infection, varied from 40 to 100% depending on the antigenic distances between the prior strain and the vaccine and
epidemic strains. The timing of the injections of the prior, vaccine and epidemic strains was such that antibody titers had

returned to pre-injection levels before the next injection.

strain. The vaccination also increased protection by boost-
ing the memory cells, produced by the prior infection, that
cross-reacted with the vaccine and epidemic strains.

Among the memory cells that cross-reacted with the epi-
demic strain, there were a greater proportion originally
generated by the prior infection than by the vaccination,
when there was at least moderate cross-reactivity between
the prior and epidemic strains (data not shown). This was
because of original antigenic sin reducing the number of
new memory cells produced by the vaccine, and because
the vaccination boosted the memory cells, produced by
the prior infection, that cross-reacted with the vaccine and
epidemic strains. This is in partial agreement with the re-
port by [19] that responses to influenza were dominated
recall of prior infections. In our model however, once the
prior and epidemic strains had little or no cross-reactivity,

antibodies specific to the vaccine dominated the response
to the epidemic infection.

We have shown the effects of cross-reactive memory and
original antigenic sin in the context of three antigens, and
investigated how they can lead to vaccine failure. Vaccine
efficacy in the absence of prior infection was designed to
be 50%. In the presence of prior infection, vaccine effi-
cacy ranged from 40 to 100% depending on the antigenic
distances between the prior strain and the vaccine and epi-
demic strains (for a fixed vaccine to epidemic strain anti-
genic distance). Even though the prior infection sometimes
decreased the effectiveness of the vaccination, protection
against an epidemic challenge was always increased by
the vaccination. Extrapolating these results to the case
where the prior infection is a prior vaccination, we can say
that in the model, vaccination improves protection against
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The response to the prior infection
produced 4 major clones (a), 1 of
which (at 2 o’clock) cross-reacted
with the vaccine at medium affinity (b},
and none of which cross-reacted with
the epidemic strain (c).

)
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The response to the vaccination was
dominated by the recall of the prior
clone (e). 3 other minor vaccine
clones were produced (at 5, 10, and
12 o'clock) only 1 of which (at5
o’clock) cross—reacted with the
epidemic strain in significant
numbers, but at low affinity (f).

The response to the epidemic infection
produced many new clones as there was
little memory from the prior infection or
vaccination that cross—reacted with the
epidemic strain (j).

B cells plotted in a similar angular position, and at the same gray
level are in the same clone (they have the same germ—line ancestor}.
Gaussian noise is added to each B cell's location so the approximate
number of B cells in a clone can be seen.

Figure 3: An example of original antigenic sin causing vaccine failure. Experiment 81 of group 24 is shown, in which the
prior strain was distance five from the epidemic strain and distance three from the vaccine strain. The major prior clone, that
cross-reacted with the vaccine, dominated the vaccine response and prohibited the generation of new clones by the vaccine
that might have been cross-reactive with the epidemic strain. Because there were few memory clones from the prior infection
or vaccination that cross-reacted with the epidemic strain, the response to the epidemic infection was like a primary response

and the maximum viral load exceeded the disease threshold.

Prior to % prior % vaccine  Probability

vaccine  x-reacts w/  generated of
distance vaccine (vscontrol)  protection
3 12% 66% 45%
4 5% 79% 56%
5 1% 94% 55%
6 0% 96% 56%
7 0% 100% 61%

Table 2: A cellular analysis of the row of Figure 2d in which
the antigenic distance of the prior to epidemic strains was five,
and the antigenic distance between the prior and vaccine strains
varied between three and seven. When the prior was closest to
the vaccine, a larger percentage of memory B cells, that were
generated by the prior infection, cross-reacted with the vaccine.
This led to a lower percentage of new memory cells generated by
the vaccination compared to a control that had no prior infection.
This lower number of new memory cells reduced the protection
against the epidemic challenge.

the next challenge, but depending on antigenic distances
between the antigens, might reduce the effectiveness of
subsequent vaccination. Performing these experiments in
machina was useful because of the large number of ex-
periments necessary, however the predictions now need to
be checked by a smaller number of in vivo experiments.
Knowledge of the effects of different antigenic distances
between the antigens might lead to more effective influenza
vaccines by allowing prior infection or prior vaccination
to be taken into account in the vaccine strain selection
process.

Acknowledgments

The authors gratefully acknowledge the ongoing support of the
Santa Fe Institute and its Joseph P. and Jeanne M. Sullivan pro-
gram in theoretical immunology. DIJS also acknowledges the
University of New Mexico Computer Science Department Al
fellowship and Digital Equipment Fellowship, and the help of
Patrik D’haeseleer, Ron Hightower, Terry Jones, Andrew Kosore-
sow, Stan Lee, Wendell Miller, Ronald Moore, Mihaela Oprea,




Francesca Shrady, Paul Stanford, Jason Stewart, Bernhard Sulzer,
and Carla Wofsy. Portions of this work were performed under the
auspices of the U.S. Department of Energy. This work was also
supported by ONR (N00014-95-1-0364), NSF (IRI-9157644),
and the Los Alamos National Laboratory LDRD program.

References

[1] M. Eigen. Viral quasispecies.
269(1):32-39, 1993.

[2] T.Francis. Influenza, the newe acquayantance. Ann. Intern.
Med., 39:203-221, 1953.

[3] F. M. Davenport, A. V. Hennessy, and T. Francis. Epidemi-
ologic and immunologic significance of age distribution of
antibody to antigenic variants of influenza virus. J. Exp.
Med., 98:641-656, 1953.

[41 S.Fazekas de St. Groth and R. G. Webster. Disquisitions of
original antigenic sin. II. Proof in lower creatures. J. Exp.
Med., 124:347-361, 1966.

[5] S.Deutsch and A. E. Bussard. Original antigenic sin at the
cellular level. I. Antibodies produced by individual cells
against cross-reacting haptens. Fur. J. Immunol., 2:374—
378, 1972.

Scientific American,

[6] L. A. Angelova and Shvartsman. Original antigenic sin to
influenza in rats. Immunology, 46:183—188, 1982.

[7] D.J. Smith, S. Forrest, R. R. Hightower, and A. S. Perelson.
Deriving shape space parameters from immunological data.
Santa Fe Institute Working Paper 97-03-017, also to appear
in J. Theoret. Biol., 1997.

[8] P.E. Seiden and F. Celada. A model for simulating cognate
recognition and response in the immune system. J. Theoret.
Biol., 158:329-357, 1992.

[91 G. M. Edelman. Origins and mechanisms of specificity
in clonal selection. In G. M. Edelman, editor, Cellular
Selection and Regulation in the Immune System, pages 1—
38. Raven Press, New York, 1974,

[10] C.J. V. Nossal and G. L. Ada. Antigens, Lymphoid Cells
and The Immune Response. Academic Press, New York,
1971.

[11] N. K. Jerne. Clonal selection in a lymphocyte network. In
G. M. Edelman, editor, Cellular Selection and Regulation in
the Immune System, pages 39-48. Raven Press, New York,
1974,

[12] G.Kohler. Frequency of precursor cells against the enzyme
beta-galactosidase: an estimate of the balb/c strain antibody
repertoire. Eur. J. Immunol., 6:340-347, 1976.

[13] N. R. Klinman, J. L. Press, N. H. Sigal, and P. J. Gerhart.
The acquisition of the B cell specificity repertoire: the
germ-line theory of predetermined permutation of genetic
information. In A. J. Cunningham, editor, The Generation
of Antibody Diversity, pages 127-150. Academic Press,
New York, 1976.

[14]

[15]

[16]

[17]

[18]

[19]

N. R. Klinman, N. H. Sigal, E. S. Metcalf, P. J. Gerhart,
and S. K. Pierce. Cold Spring Harbor Symp. Quant. Biol.,
41:165, 1977.

A. B. Champion, K. L. Soderberg, A. C. Wilson, and R. P.
Ambler. Immunological comparison of azurins of known

amino acid sequence: Dependence of cross-reactivity upon
sequence resemblance. J. Mol. Evol., 5:291-305, 1975.

I. 1. East, P. E. Todd, and S. J. Leach. Original antigenic
sin: Experiments with a defined antigen. Mol. Immunol.,
17:1539-1544, 1980.

W. Gerhard. The analysis of the monoclonal immune re-
sponse to influenza virus. III. The relationship between
stimulation of virus-primed precursor B cells by heterol-
ogous viruses and reactivity of secreted antibodies. J. Im-
munol., 120:1164-1168, 1978.

G. W. Both, M. J. Sleigh, N. J. Cox, and A. P. Kendal.
Antigenic drift in influenza virus H3 hemagglutinin from
1968 to 1980: Multiple evolutionary pathways and sequen-
tial amino acid changes at key antigenic sites. J. Virol,
48:52-60, 1983.

T. Francis, F. M. Davenport, and A. V. Hennessy. A serolog-
ical recapitulation of human infection with different strains
of influenza virus. 7. Assoc. Am. Physicians, 66:231-239,
1953.




