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Research priority: further investigate and improve the efficacy of machine learning applied to radioisotope identification (RIID) and related problem:s.
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3. Reconstruction error could be an effective detector of novel sources (i.e., sources not present in training) if novel
sources are sufficiently different, something more likely achievable with a smaller dictionary.
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Radioactive Source

Next Steps: | B .
Do Spectrum i = o PyRIID is Open Source! 1. Explore K-L divergence and Bayesian probability for reconstruction error.
Anormaly s N:fsgjisni\?}x) https://github.com/sandialabs/PvRIID 2. Expand training diversity in non-isotopic dimensions.
3. Incorporate new model architecture and process formally into PyRIID.
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