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* MHE!: estimates states and parameters online » MHE shows good performance under noise condition

 MPC: generates control signal using MHE estimates « MPC Settings: T, = 0.1 ms, N = 50
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. + Varying weights: adjust performance between QoS vs.
ProposedMHEMPC/ """" power utilization from ESS

Framework 4. Conclusions

* Dynamic voltage support using MPC
* Modified remote microgrid test system from Cordova, - Flexibility to tune performance: balance between QoS
Alaska and power utilization from ESS

» Simplified Thevenin equivalent model used as prediction 5. Acknowledgements
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