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 The dataset contains five features: B
e Permeability — measure of interconnectivity Models : . — I
* Porosity — measure of the void spaces Model Parameters Cum. Energy Pressure DiSCUSSiOn
* Hydraulic conductivity — ease with which media can move

Production Distribution

Cumulative Energy Production — Model obtained accurate

through fractures # of lavers 3 4 b _ | .
* Bottom hole pressure — pressure acting on the walls of the L performance, despite ‘lightweight’ implementation
fracture CNN | #of hidden units | 128, 64, 128 256, 123, 256, 128 Pressure Distribution — Model obtained promising initial results,
* Fracture aperture — perpendicular width of the open fracture Kernel Size 3x3, 1x1, 3x3 3x3, 1x1, 3x3, 1x1 despite lack of optimization
 The dataset contains samples at 30 different time points across 28 =T # of layers 2 2 Future work
total cases # of hidden units 128, 64 128, 64 * Investigate effect of different model considerations on accuracy,
* Training and validation set — 25 cases Dim. Reduction Layer Y N e.g. multi-scale additions for short- and long-term contexts.
* Testset— 3 cases Optimizer Adam NAdam * Investigate additional promising model architectures, e.g.
Bidirectional LSTMs, etc.
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