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Questions:

|. Can we detect pattern-of-life activities in seismic
waveforms!?

2. Can we cluster the detections such that similar
activities are grouped together to support
interpretation?

Problem:

Seismic sensors can provide high temporal resolution data
about nearby activity, such as use and movement of vehicles and
other heavy equipment. However, traditional seismic analysis
tools are designed for earthquake or other large events and do
not perform well at extracting local pattern-of-life information.

. Raw seismic data 2. Probabilistic power spectral density 3. Seismic event detection

STA/LTA to detect discrete non-traditional seismic events that
occur within the full seismic waveform.

Real seismic sensor data recorded at 500

Hz on three channels (R, T, Z). Define filter bands and determine periods of time where activity is high and

distinguishable from noise. |
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