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Validated predictive model with quantified uncertainty in their parameters 

Model Calibration requires: 
•  Experimental and/or high-fidelity simulation data 
•  Model/sub-model evaluations 
•  Statistical tools for 

o model calibration 
o evaluating model predictive fitness 

Using Bayesian methods to calibrate and check predictive quality of LES models 
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•  Experimental and/or high-fidelity simulation data 
•  Model/sub-model evaluations 
•  Statistical tools for 

o model calibration 
o evaluating model predictive fitness 

Using Bayesian methods to calibrate and check predictive quality of LES models 
 

Employ Polynomial Chaos (PC) Expansion to propagate uncertainties from 
input parameters to output Quantities of Interest (QoI) 

Employ quadrature to compute PC coefficients  

The PC Expansion is cheap to evaluate for forward UQ and parameter calibration. 
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•  ksgs	
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