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Resistive switching devices are promising candidates for next generation computer hardware, with the ever increasing need for more
efficient, faster computation. These devices show particular promise for use in a neuromorphic accelerator as they can be tuned to multiple
resistance states which can be a hardware equivalent to the weights in neuromorphic algorithms. Modeling a ReRAM-based neuromorphic
accelerator requires a compact model capable of correctly simulating the small weight update behavior associated with neuromorphic
training. Here, we propose an empirically derived general purpose state-conductance model that can accurately capture the nonlinearity of
an arbitrary two terminal device to match pulse measurements important for neuromorphic applications.
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