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OBJECTIVE EXPLORING HM DATA TESTS WITH USA DATA

Country-wide tests
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Nowcasting influenza activity using Healthmap data

WHEN HM DATA MISLEADS
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Predicting flu in France

— The spring-summer 2009 swine flu outbreak missed France
— The media circus did not; HM data was misleading

— The training revealed the weak mutual information in HM data and the
ARMAX models gracefully degraded to AR models

— Bottomline: ARMAX models are robust; when HM data misleads, it is
ighored

CONCLUSIONS

— HM data can be used for nowcasting

— Its low correlation with flu surveillance data require that that one use
more sophisticated time-series models such as ARMAX

— ARMAX models exploit the structural information in historical
surveillance data and current HM data to provide accurate nowcasts

— In case the HM data misleads, the model gracefully degrades to a AR
model

— HM data is available for countries with low Internet penetration and
could be a way of tracking diseases in locations with incomplete PH
reporting
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